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Abstract
o)

The integration of artificial intelligence (AI) into the art world has spafked ongoing discussions about creativity,
emotional connections, and aesthetic experiences. This study invegfigates how audiences of different age groups .
perceive and emotionally engage with Al-generated art compar@@) traditional art, exploring whether AI—genera\

art can establish genuine emotional connections with Vi%@s. The results show that viewers general efer
traditional art due to its emotional richness, credibilit \@d deeper resonance with the audience. Hoygyer, when
participants were unaware of whether the artwor@ﬁs created by Al, Al-generated artworks al@ained more
preference in certain contexts. Additionally, ;{@ paper explores the implications of these ngs for future

interactions between humans and AI—genera§ﬁrt, revealing the complexities and opportuniti(s:gresented by Al as a

collaborative force in the creative processé Os\
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Introduction ©

) &O Y
The integratio Sgrtiﬁcial intelligence (Al) into the art hugdan-Al collaborative creativity. (0
@ve rise of Al in art 66

fbreshaped creative practices, Yyielding
ed works like digital paintings andQ} Al has transcended its origins in the %ﬂ& of computer

domain
Al-ge
anipfqhions [1]. This transformation sparks fi science to make a significant impaéc\on various creative
ates: critics dismiss Al art as algorithmic sémlcry
fb’(\lacking human emotional depth, while ﬁggﬁonents
((\ frame it as a collaborative force ex

‘QQ boundaries. Despite Al art’s groz@ﬁ%’

fields, including art. AI—geneg%te art, encompassing

visual works such as digit mtings, illustrations, and

ing artistic animations, representsfgéransformative force in the

prevalence in creative industry. T{@ uestion of whether Al can truly

\ exhibitions and media, a critfeal gap remains in create art, how \%, remains contentious. Some argue

understanding how diverse deMographics emotionally that Al art i§\#othing more than algorithmic mimicry,

engage with it relative t@)\ itional art [2]. lacking \{h¢” emotional depth that human-created art

Emotional respons%(i,s central to aesthetics, with em s. Others, however, see Al as a collaborative

traditional art d for its cultural context and ,Q,@Iner in the creative process, expanding the
emotional g{{@mance - eclements absent from rb,(ﬁoundaries of artistic expression and enabling the
algorithr&g nerated Al works. This study addresses t@\a generation of novel and innovative works. This

gap ,Q@sg the Geneva Emotional Wheel (GE ')&to divergence of opinion underscores the need for further

emotional and aesthetic

measure eight core emotions (joy, trust, fea @Arprise,
sadness, disgust, anger, anticipation) elicité@)y both art
forms. It explores age-related differenegy;’the impact of
Al familiarity and artistic background, and tests the
hypothesis that traditional art f{\&es stronger emotions
while Al art offers uniqtg&sthetic appeal [3]. These

insights inform AI’s r(ob]@ creative industries and guide

https://www.wonfo¢d.com/

,Q(\

investigation into the
dimensions of Al-generated art, particularly in
comparison to traditional forms of art. Despite the
increasing presence of Al art in exhibitions,
advertisements, and media, there remains a gap in
understanding how different audiences emotionally

engage with and perceive these works [4].
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Emotional responses to art: Traditional vs
Al-generated

The emotional impact of art has been a central topic in
aesthetic theory for centuries, with scholars such as
Immanuel Kant and David Hume emphasizing the
subjective nature of beauty and emotional response to
art [S]. While traditional art has long been associated
with deep emotional resonance, Al-generated art has
sparked debates about whether it can evoke similar
Research on emotional

feelings. responses  to

traditional art often highlights how viewers connect

Significance of the study .
The exploration of AI—generaté@Art’s emotional and
aesthetic impact is particula ely as Al continues to
infiltrate creative ind{@ries. Understanding how
audiences perceive ,@1 emotionally connect with
Al-generated art @chial not only for advancing Al
technologies also for providing insight into the
future of Sqt@ic expression. This study offers potential
impli ai@ns for both art theory and practice, addressingg.
theQuiestion of whether Al can become a leg't" e

Xpartner in the creative process or if it will r@in an

with the intentions, history, and cultural contht\ auxiliary tool [9]. The findings of this stud \led shape

embedded in the work. In contrast, AI—generated\e\?b
challenges this framework by introducing wo@that
lack the inherent emotional intentions @, human
creators. These works are produced thrm@QIgorithms,
and while they may appear aesthetic@ pleasing, it is
unclear whether they can elicit’)‘ﬂ% same depth of
emotional response. This stuQ{Qses GEW to explore
the emotional reactions e}igited by both Al-generated
and traditional art, foc@sing on fundamental emotions
such as joy, trust,®ar, and surprise. The goal is to

better underst: e emotional landscape surrounding

these two s of art and how they compare in terms
of viewg gngagement [6]. %0
Res objectives and hypotheses C)}'

Cg'enerated art remains relatively nov ,(Qnd
(\comprehensive studies on its emotional an({@esthetic
impact are lacking. This research aims to f{{Mhis gap by
investigating how audiences of differif demographics
engage with Al-generated art%l comparison to
traditional art [7]. Speciﬂca{b\@his study will assess
how emotional responses giffer between these two art
forms and whether : @ited art can establish an

emotional connectidtpSimilar to that of traditional art.

how Al art is integrated into cultural a istic spaces,
influencing how both artists and ay ésces interact with
these new forms of creative expréssion. Furthermore, as
Al continues to develop, 5& 1s possible that future
research will further upgover the potential of Al to
evoke complex emqtional responses that are currently

underexplored.\ (§

Historical gbgpectives on Al art and its impact on \\S\\
huma)n\, @eatmty '\Q
T ergence of Al in artistic creation Q(Q

, once a purely technological pursuit, h @creasingly
found its place within the creative ind€stfies, sparking
debates about its role and potenti$ip art creation [10].
The notion that machines can e te art is not entirely
new, though the methods which Al generates art
have evolved consideraifyMover time. The development
of Al art can be trac@\back to the 1960s, when pioneers
like Desmond HA} and Harold Cohen used early
computer pv@ams to create algorithmic artwork,
marking
Al te

t erate more complex, aesthetically rich artworks.

beginning of computational creativity. As
logies have advanced, so too has their ability

Additionally, (K@d~ research will explore whether é{)day, Al systems like Generative Adversarial

familiarity
backgro@@d influences their emotional responses. {@e
stud§\\®pothesizes that traditional art will ge@drally
evoke stronger emotional responses, but A@%erated
art will appeal to viewers in a different manner,
potentially offering new forms of ae@&\&c appreciation.
By examining these factors, the stfdy aims to contribute
to the broader conversation &3@\1 Al’s place in the art

world and its potential fostering new emotional

connections through 2}§¥ i

https://www.wonfo¢d.com/
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Kh Al art or an individual’s artist%rb Networks (GANs) and deep learning algorithms have

enabled machines to produce artwork that often rivals or
even surpasses the creative output of human artists in
[11,12]. In parallel with GANSs,
diffusion-based generative modeling has emerged as a

certain contexts

highly expressive paradigm for synthesizing complex
distributions, enabling fine-grained control over stylistic
variation and visual realism. This line of research stands
out for its explicit modeling and sampling of generative
and dynamics. These

uncertainty volatility-like

19
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methodological advances translate naturally to the
realization of artistic variation and iterative refinement
in Al image creation. Accordingly, audience responses
to “Al-generated art” may reflect not only authorship
perceptions but also the underlying generative
paradigm’s capacity to support coherence, novelty, and
stylistic consistency.

However, Al’s intervention in the artistic domain has
raised significant philosophical and ethical questions.
To some, the idea of Al-generated art challenges the

very definition of creativity, as it raises the question of

art but as a collaborator capable of exploring artistic
ecg% As these
e notion of Al as an

processes in new and unexpg ways.
technologies evolved, so dj
active participant in the @eation of art, rather than a
passive instrument [1
The popularizati@eétage, which began in the 21st
century, repre%@s the integration of Al into mainstream
art produ PO Tt is during this phase that deep learning
algorith@, particularly GANs, began to play a pivot%.
rol(\lorf generating highly realistic and aesthetib@,y

&s&?histicated artworks. Beyond GAN-centric pijsehnes,

whether creativity is an inherently human trait or \fbrecent work shows that large language. a9 els can

whether it can be replicated - or even surpassed —Q&
machines. Critics argue that while Al can ate
visually impressive works, it lacks the subje¢iie intent,
aracterize
human-created art. On the other hand @()ponents of Al

art suggest that it opens new

emotional depth, and social context th

iers for creative
expression, pushing beyond )@@tional boundaries and
fostering new forms of oration between human
and machine [13]. (\

The evolution of A@%: From algorithms to
interaction

The histo Al art has been marked by three distinct

?}mination stage of Al art occurred from the 1% to

(\t e late 20th century, characterized by the e(@ efforts
of artists and technologists to use compujgis™o generate
visual patterns and designs [14]. Durif@ this phase, the
technology was rudimentary, a I art was often
experimental in nature. Foryj
“AARON” program, dev

of the first to gen

nce, Harold Cohen’s
d in the 1970s, was one
f> autonomous art based on
user-defined rules its output was still very much
constrained by, arameters set by its human creators.
The rising
and extédded into the early 21st century, saw&gé

de\éq ent of more sophisticated algorgﬁ and

computational tools. IBM’s “Deep BlueZ(ldefeating
chess champion Garry Kasparov in 199%6 emplified a
significant leap forward in AI’s ca; (ﬁties. Similarly,

Char Davies’ virtual reality proj

.

;*Osmose” explored
new interactive possibilities &3 by merging Al with

human-computer interacti This period also saw a
growing recognition as not just a tool for creating
https://www.wonfo¢d.com/

,Q(\

phases, Xeach with its own set of challenges andQ}b’ acsthetic  judgments. Al

bre&i‘@&)ughs. According to Chen et al., @e'

{@Ee, which began in the late 20th centurg(&rb

directly improve visual synthesis by stru ng prompts,
ing,

influencing the aesthetic controllelgmty of Al-generated

constraints, and compositional thereby

images. GPTDrawer stand §a for demonstrating a
human-in-the@op
language-guided desi@f—?iecisions are converted into

scalable, pathway, where
executable sign 'lgofor image generation. This
framework eftég@ely bridges the gap between creative -

intent andSQ putational rendering. This perspective&\s\

¥1ine

se controllability may shape viewers’ e&@onal and
systems _J{Re
DeepDream and the work of  af@yfs like Mario
Klingemann highlight the potent@s\f

mimic human styles but also 4

motivatgSyour treatment of Al art not as a single *;
out@”, but as the product of an interaction

Google’s

or Al to not only
vate in ways that defy
traditional artistic conVe\@()ns. The emergence of
Al-generated art in\é'leries and exhibitions has
prompted a recogsideration of what constitutes art,
creativity, and @thorship in the digital age [16].

T heoreticaé;)%rspectives on Al and creativity

At the

is t@question of creativity. Philosophers and cognitive

of the debate surrounding Al-generated art

\géntists have long wrestled with the nature of

creativity, typically attributing it to human
consciousness, intentionality, and emotion. Immanuel
Kant’s ideas on aesthetic judgment, which emphasize
the autonomy and freedom of the artist in the creative
process, are often cited in this context. From a Kantian
perspective, creativity is inseparable from human
freedom - the ability to express personal intentions and
emotions through art. Al, lacking personal agency and
subjective experience, challenges this framework. For

Kant, Al would not qualify as a true artist, as it lacks the

20
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intrinsic freedom that human creators possess [18].

Nevertheless, the idea of Al as a creative partner has
gained traction in recent years. Scholars such as
Mazzone and Elgammal suggest that AI should be
understood not as a replacement for human creativity
but as an extension of it. The collaboration between
human artists and Al systems opens up new possibilities
for creativity, enabling humans to explore novel forms
of expression and pushing the boundaries of artistic
imagination. This collaborative approach highlights the

potential of Al to enhance, rather than diminish, human

1 uction to GEW

focus on examining how Al can-be integrated into
artistic practices in ways th't\céomplement human
creativity rather than replac Al may not replace the
human artist, but it hK()the potential to offer new
creative possibilities challenges that could reshape

our understandin art itself [20].

Utilizing théag‘v‘EW to assess emotional reactions to

art O

N
\(l:een

e study of emotional responses to art has |

creativity by providing new tools and techniques fob\ an area of interest in psychology, aes@ics’ and

artistic exploration. D
Further research is needed to better underst@ the
philosophical implications of Al in art, partiqfrly with
respect to the concepts of creativity, a@ rship, and
emotion. As Al technologies continu&@develop, S0 t0o
must our understanding of tP@z role in creative
industries, and whether the @%Vity exhibited by Al
can be truly considered “a@ ic”.
AI art and human cres(?vity: A collaborative future?
The introduction Al into the creative process
undoubtedly raiSes profound questions about the
relationshig\fb etween  human  creativity  and
machi nerated content [17]. As Al art becomes
mor ‘iﬁe
g{stream media, it forces us to rethink our defjfitons

Q\of creativity and artistic value. The potentia{@r Al to

democratize art production by making it aQdessible to a

wider audience is exciting. Howegy, the risk of

devaluing human-created art, wwh¥h often -carries
emotional weight and cultur%\@gniﬁcance, remains a
real concern. X
While Al may be 4&3& to generate aesthetically
compelling works,\Sth still unclear whether these works
can evoke the €@wie depth of emotional and cultural
resonance
connectigns that people form with art are often de(ﬁy
tied‘\&e intentions and histories behind the(Work,
factors that AI art lacks. Still, it is possibl t, with
further advancements in Al, machines ?S)be able to

generate art that not only mimics creativity but

also creates emotional and cult connections with
viewers [19]. '&\

Considering the comple @% of Al art’s impact on

human creativity, it is {ear that future research should

https://www.wonf&%com/
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é@ ss, disgust, anger, and anticipation -

<
rated into art exhibitions, advertisements, @

1% field is the

izing the diverse

cognitive science. A key challenge i
complexity of quantifying and cat

emotions elicited by art. GEW. ﬁerveloped by Sun and
further expanded by Sach
offers a structured tool fqr) analyzing emotions that arise
imuli, including art [21,22]. The

imary emotions, categorized across

, Schlegel, and Scherer,

in response to varip
GEW includes
several din\e@lons, such as valence (positive VS.\Q\
negative zﬁi activation (intensity). For the purpose ¥
this stﬁdy, eight core emotions - joy, trust, fear, s X Q-?se,
e@cs&eﬁcted
e to their centrality in art appreciapQw’ and their
relevance to both Al-generated and tradittOnal artworks.
The GEW’s utility in this conte

capture a nuanced spectrum

¥es in its ability to
otional reactions that
go beyond simple dic}\@omies like “liking” or
“disliking” a work. k\ context of art, emotions are
rarely static or uniiménsional; they are often a complex
blend of feeli@%% interact with the viewer’s prior
experienceé\'cultural background, and personal
prefer 7&& The GEW provides a framework for

me@‘mng these diverse emotional responses in a way

x@t can be systematically applied to both Al-generated

(Quman-created art does. The emotiona, ‘(b’ and  traditional

artworks, allowing for a more
comprehensive understanding of how different art forms
engage audiences on an emotional level.

Interpretability is increasingly regarded as a prerequisite
for trust in data-driven evaluation, especially when
human judgments are complex and multi-factorial.
Interpretable AutoML research is notable for showing
how predictive performance can be coupled with
transparent explanations, enabling stakeholders to

understand which factors drive outcomes rather than
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treating models as opaque black boxes. Consistent with
this principle, we adopt the GEW to produce
interpretable emotion profiles that can be compared
artwork types

supporting explanation-oriented conclusions rather than

across and demographic groups,
preference-only claims.

Research methodology: Using GEW to measure
emotional responses

To explore how Al-generated art compares to traditional

art in terms of emotional engagement, we employed a

homogeneous to eliminate extra%:gus confounding
factors from the experimentg{\ Its. Despite these
challenges, the GEW’s stru@sed
a clear, systematic collec\(fgn of data, providing insights

into how Al-genera é\and traditional artworks evoke

approach allowed for

different emotiongl)¥ésponses.

Data analysis€ diterpreting emotional responses to A1
and tradifional art
After.cOfecting survey responses, the emotional datay

Y analyzed by comparing the frequenc d

survey-based approach, utilizing GEW as a means of ’(ﬁitensity of emotions elicited by Al-generated a@%’ersus

capturing emotional responses. The survey consisted,ob\ traditional art [24]. The results were brok@down by

three sections: demographic information, emotiony

evaluation, and aesthetic preferences. Parti@nts,
ranging in age from 15 to 65, were asked t Qaluate a
selection of both Al-generated and tra it@al art based
on the emotions they experienced é\e viewing the
works. Each participant was pres@t’d with 10 artworks
(five Al-generated and ﬁveé(?iitional), which were
indistinguishable in tem&@of visual appearance to
minimize bias. The pafticipants were then asked to rate
their emotional re ns to each artwork using the eight

emotions from@e GEW on a scale ranging from “never”
to “always’C[i@].

One o

challenges encountered during the researchy) also possible that the unique qualities

age group, allowing for a more detail nderstanding

of how different generations en with these art
forms emotionally. Interestingbé}&% data revealed that
traditional art generally prosv\oked stronger feelings of
joy, trust, and surprise. \%u ger audiences (aged 15-24)
were more likely to experience surprise and anticipation
in response to Al-¥enerated art, whereas older audiences
(aged 25
emotional sﬁ}agement with traditional art. é&
These\,@ults suggest that Al-generated art, '@ile
engé@ing, may not yet evoke the same {e@h of

otional connection as traditional art. H@%ver, it is
I-generated
art - such as its novelty and its &a city to explore

abstract, non-human forms - 9 elicit a different,

above) exhibited more consisten '\Q

pr(@&s\ was ensuring that participants’ emotj?}'
\fﬁ‘?sbonses were  accurately  captured ’Q}t out
rb(\overwhelming them with too many variablds.”Human

)

‘QQ attend to salient cues while su

perhaps less conventional, of emotional response.

e: Viewers

aesthetic experience is inherently sel This could explain whé’ﬁx\punger participants, who are

more accustomed technological interactions,

sing irrelevant
responded more p&itively to Al art, demonstrating a

N details, meaning that perceiv

“meaning” can be
shaped by what is emphasiz\éa‘or masked in a visual
stimulus. Dynamic foc masking is notable for
operationalizing thi@on inciple into a computational

mechanism - hi thing how structured attention can

improve inte ation under complex visual uncertainty. >
In our setging, this motivates careful stimulus selecti@v

and&}@entation control, because subtle compo%(io al
cues in Al-generated images may systemati steer
emotions such as surprise, trust, or disﬁ@lfort. The
inherent complexity of art, namely its ¢@pdcity to elicit a
diverse range of emotional respox\s/\eg, necessitated the
careful curation of artworki resentative of both
Al-generated and tradit] artistic styles. These

artworks were additiolly selected to be sufficiently

https://www.wonf&gcom/

,Q(\

possible gene(’ﬁ)nal divide in emotional engagement.
Furthermg&d; while traditional art elicited stronger
feelin@o trust and joy, it also prompted fewer negative
e ns, such as disgust or anger. These findings are
nsistent with previous studies on traditional art,
which often highlight the human connection embedded
in these works. Al-generated art, on the other hand, did
not evoke fear, which is an interesting finding,
considering that some Al artworks are known for their
abstract or surreal qualities, which might typically
induce discomfort or uncertainty. This could point to a
potential gap in the emotional depth of Al-generated art,
which, although visually striking, may still lack the
emotional context that human-made artworks inherently

provide.
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Limitations and future research directions

While the use of the Geneva Emotional Wheel provided
valuable insights into emotional responses to
Al-generated and traditional art, it is not without its
limitations. One key limitation is that the GEW does not
capture all possible emotional nuances that may arise in
response to art. For example, emotions like nostalgia,
which may play a significant role in emotional
responses to traditional art, were not included in the
wheel’s framework. Future research could expand the

emotional scope by incorporating additional emotions

respond to Al-generated art in com%rjson to traditional
art? How do factors such as age ‘agv)education, and prior
exposure to Al influence tl%e esponses? By framing
these questions, the surygy, was constructed to provide
nuanced insights in. motional engagement across
demographic grogpsy’shedding light on the potential of
Al art to evo mplex emotional responses [26].

The surxggy(&vas divided into three main sections:

demo r@nc information, emotional evaluation, ang),

aes(@stic preferences. Each section was ca@l&
&&ngned to gather specific data that would all@w or a

or developing a more tailored emotional framework \fbcomprehensive ana]ysis of how differe;{(ﬁudienees

specific to the art context. 4\
Another challenge lies in the subjective n of
emotional responses. Although GEW offers a@ructured
approach, individual differences - suc Q‘s cultural
background, personal experiences W@. art, and prior
exposure to Al-generated wor&;g@-

emotional reactions. A key

can influence
enge in comparing
Al-generated and traditiona@srt across demographics is
domain shift: emotionghbaselines and aesthetic priors
can vary substanti by age, culture, and prior
exposure to Al f@s. Few-shot and domain adaptation

research is le for offering principled strategies to

evaluate,éq@ransfer insights under limited samples and b, For

shift istributions - exactly the situation encounter

i eross—demographic aesthetic studies [25]. {@ure
Vork can adopt adaptation-aware analysisée test
whether emotion patterns remain stable w panding
to new cohorts, cultures, and art styl trengthening
the generalizability of our ﬁnding§@ us, it would be
beneficial to conduct follow-up sbl%ies that explore how
these individual factors t?e%ct with the emotional
measured ‘i.Qchis study. Additionally,

longitudinal studies ﬁ; track emotional engagement

responses

over time coul vide more in-depth insights into

experience art emotionally. The (Qemographic

information  section collected icipants’

arity with Al art,
while the emotional evalué{k@ section assessed the

age,

educational background, and f:

participants’ emotional r§s@nses to both Al-generated

and traditional artwog 7]. The aesthetic preferences

.

section aimed @ capture participants’ overall
preferences a
structure a.]ip\wed for an in-depth exploration of t
emoti@@ and aesthetic engagement with both tyKQSJ of
art, & (0
orks selection and categorization 66

the purposes of this survey, IOQKQ'works were
chosen - five Al-generated and ﬁg@lditional pieces.
The selection of these works was Q)ivotal aspect of the
research design, as the c@ice of artworks could
influence the emotional&r?%onses of the participants.
One of the main ¢ ges in the artwork selection
process was to .Ql\sure that the chosen pieces were
aesthetically &@parable, yet distinctly representative of
each cat¢gory - Al-generated and traditional.
Addit@y, the artworks needed to be visually
e ing without overtly revealing their origins, as the

al was to assess emotional reactions without prior

how attitudes ‘@ward Al-generated art evolve as this i .
ngb & ‘(b’ bias about the source of creation.
e

genre becOules more familiar and integrated i]@v
mai culture. (\&
Survey setu )

Y p %

Research design and objectives \Q

The design of the survey for thi (éudy aimed to
systematically capture the e
participants toward AI-gene@t

ional responses of
art compared to
traditional art. This desigb ght to address several key

research questions: HQW~ do individuals emotionally

https://www.wonf&gcom/
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The
produced by established Al systems such as Google’s

five Al-generated artworks included pieces

DeepDream, and others created through the use of
GANSs. These works were chosen for their ability to
and abstract emotions, as

provoke  complex

Al-generated  art  often  embodies  novelty,
unpredictability, and the merging of various aesthetic
styles. The five traditional artworks were selected from

a range of genres and mediums, ensuring that they

23

(Q/aluations of various art forms. This '\CJ

N
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(\Slther created or interacted with Al art in son‘gﬁ@}'
&

represented a diversity of artistic styles, from classical
to contemporary, allowing for a broad comparison with
Al art.

The artworks were presented to the participants in
random orders to minimize any ordering effects, and
participants were not informed whether the artwork was
after they had
completed their emotional evaluation. This design

Al-generated or traditional until

aimed to eliminate biases that might stem from the
participants’ prior assumptions about the nature of art.
Participant recruitment and sample composition

online platforms and social media, targeting a diveﬁs
group to ensure that the sample represented a rg@e of
age groups, educational backgrounds, and expgriences
with art. The final sample included 80 V@H}esponses,
with a relatively even distribution ac@s different age
groups. The majority of responde %0%) were young
adults aged 15-24, a demogra
familiar with Al technol@@i¥s and digital art. The

remaining 30% consi

that is generally more

of participants aged 25 and
older, ensuring th@@he study captured generational
differences in BQ)tional responses to Al-generated
versus traditiGhal art.

The paricipants were also asked to indicate their b,these two types of artwork. A total of 8()(@

fami} with Al art. Approximately 73.8% repo
familiar with Al-generated art, while 62.5@ad
pacity.
This level of prior exposure was conside.@d important
in understanding how previous ex ces with Al
might influence emotional respo gg)Participants were
(;&Eﬁ’lcation, with 45%

lated background, which

also asked about their
indicating they had an a
allowed for an analysis:Q‘R w formal art training might
affect emotional reagtons to different types of art.
Challenges in ss@w§

While the
several ghpllenges emerged during the data collec{i@a
procﬁQ\g.\One of the primary difficulties was eiuring

that participants’ emotional responses were @¢Turately

’y design and data collection

captured without introducing overwhelming~omplexity.
The use of GEW required that pqi@ants rate their
emotional responses on a scale §UE could have been
too abstract for some, especi&)li?\ ose without a formal
background in art or psyck@dogy. To mitigate this issue,
a clear and simple ex%@ﬁtion of the GEW and its scale

https://www.wonf&gcom/

,Q(\

was provided, with examples to. help participants

understand the emotional cat\egsgi-és they were being
X

Another challenge was ¢hsuring the balance between

asked to evaluate.

c@ﬁhnal art, as both forms could be
perceived diffe the
individual pr@nces, cultural background, and prior

exposure @ technology. For instance, younger

Al-generated and tra

based on participants’

particg s, who are more accustomed to digit@jj.
te ogies,

may have had different em H

fgtcsponses compared to older participants W@’ ave
Participants for the survey were recruited throufgh\ more experience with traditional art ‘@HS. This

24

potential bias was addressed by inclyding a diverse
range of artworks from both categori@and randomizing

their presentation to minimize

>

S
Overview of the sm@ results

ffects of familiarity

or bias.

Results

This chapter \@sents the results of the survey \(’)c-)

conductedieaneasure emotional responses to bot]stg\
AI—gen@ed and traditional art. The survey aime&i}
D

e how different demographics - specific age

ps (aged 15-24 and 25+) - emotionally&ge with
1d responses

exp

were collected, and emotional resp@af&~ were measured
using GEW, which assesses eight @dimary emotions: joy,
trust, fear, surprise, sadn@c;) disgust, anger, and
anticipation. The data <&tegorized into emotional
responses to traditioné(&?t and Al-generated art for each
4\

The ﬂndings@ presented in two parts: the emotional

age group.

responses @y age group (aged 15-24 and 25+) and the
compa@ between traditional art and Al-generated art.
Th@motions most frequently reported for traditional

were joy, trust, and surprise, while Al-generated art

y design aimed to be comprehensive &rb, elicited stronger responses of anticipation and surprise,

particularly among younger respondents.

Emotional responses by age group

The emotional responses from the survey were analyzed
to determine any significant differences between the
two age groups. For the younger group (aged 15-24),
traditional art generally elicited stronger emotional
responses, particularly joy and trust. However,
Al-generated art also generated significant emotional

reactions, with joy and surprise standing out as key
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emotions, and anticipation also showing a relatively
high response. Interestingly, Al art was rated higher in
surprise among younger participants, suggesting that the
novelty and abstract qualities of Al-generated art were

more engaging for this demographic.

and trust (60%). In addition, disgust in response to
Al-generated art among the 151Q\QJgroup was 17%, as
reported in Table 1. For t
traditional art still domifigted in terms of emotional

der group (aged 25+),

response, with highe:@centages of joy and trust. This

Table 1 shows that participants aged 15-24 reported the suggests that th nger demographic may respond

highest levels of joy and surprise when viewing more to the n y and technological aspects of Al art,
Al-generated art (both 60%), followed by trust and

anticipation (both 50%). By comparison, traditional art

while oldsﬂ,\r&diences tend to engage more emotionally
with tra@tional art due to its cultural and historicad ,

in the same age group elicited slightly higher joy (70%) co tions. ’\C)

Table 1. Emotional responses by e; ’t&up to Al and traditional art. QI\\S\
. Traditional art . .
Emotion Al art (aged J5)24) Traditional art (aged 25+) Al ged 25+)
(aged 15-24) Q\ R

Joy 70% € 75% NG 50%

Trust 60% Q@ 30% 65% R 45%

Fear 10% Y 10% % &« 9 5%
Surprise s0% O 60% s O 45%
Sadness 30% &7 20% 25%.Q 15%
Disgust 20%0 17% % 30%

Anger (@Y% 15% A% 20%
Anticipation | Q> 40% 50% N 45% 40% g
o xO Y
Emotional resgs\iges to traditional art vs Al-generated a hi¢ller level of anticipation and surprise in regpdnse to

art \(\fb art, likely reflecting the novelty a@ futuristic
The ‘(@parison of emotional responses to traditionabb’ qualities of Al-based works. Despite th{s;“Al-generated

art 4™ Al-generated art revealed that, in gene(é‘,'
itional art elicited stronger emotional re@ es,
(\particularly in terms of joy and tms{QRobust
((\ comparison studies benefit from systemgfie protocols
< that ensure construct alignment and @void conflating

art was less likely to provoke emotk{nfglike joy or trust,
which were more prominent %Qaditional art. These
findings suggest that whil art has the potential to
evoke strong emotiona?.k\,responses, it may not yet
replicate the depth nection that traditional art can

. foster in terms ofi&t and emotional familiarity.

\Q measurement artifacts with true%dl erences between

conditions. Systematic com n research is notable
for demonstrating how §emative codifications and
measurement choices @ aterially change conclusions
- highlighting tggbneed for carefully controlled
comparative tgns. Following this logic, we
standardize
GEW—be@d measurement across Al and traditi{@
comf\?ﬁ;}ls to ensure that observed emotional diff@snces

reflect stimulus type rather than procedura

The results suggest that traditionjé{%\gs a more

riance.

profound emotional resonance, pos§Iy due to its
historical, cultural, and persondl “connections that
viewers often associate with it{\
In contrast, Al-generate elicited more mixed

responses. Younger pa:{k\%ants (aged 15-24) displayed
https://www.wonf&%com/

,Q(\

Data analysi&@d interpretation

The data y@@s analyzed to identify patterns in emotional
respor@t‘;cross the different groups and artwork types.
T @Howing key observations were made:

Nigher emotional engagement with traditional art:

ork presentation and apply the sam{‘gb’ Traditional art consistently elicited stronger emotional

reactions in terms of joy, trust, and surprise. These
emotions are often tied to the emotional and historical
context associated with the artwork, which is more
familiar to audiences. For example, classical paintings
or well-known art movements may carry cultural or
nostalgic weight that contributes to a stronger emotional
engagement.

Younger audiences were more engaged with Al art: The
younger demographic (aged 15-24) showed stronger
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emotional responses to Al-generated art, particularly in
the areas of surprise and anticipation. This suggests that
younger people, who are more familiar with digital
technologies, may be more open to the novel and
unconventional aspects of Al art.

Generational differences: The older age group (aged
25+) exhibited more consistent emotional responses

with a preference for traditional art. This suggests that
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